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B*H Ground Mobility: Travel Mode Analytics

wmme  IMain Research Goals

Introduction

Understand disadvantages of each
transportation mode and whether they have

- an impact on future transportation trends
Methodology

Perform spatial clustering to analyze where
are the potential locations of vertiports

Case Study

Concluding
Remarks
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Atlanta Regional EommiSSi{]ﬂ Georgia Department of Transportation

Background

& Motivation Activity Based Model [ABM]

Activity-Based Models predict where and when people go, and for how long, based on a on people’s daily activity patterns. These models are used in travel
demand management (TDM) work.
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OD-Map visualization of Atlanta airport as destination in the dataset (130,934 data points)
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Distribution of person_type
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Remarks From this, we can conclude that the traffic situation leading to the airport is continuous

because work is required every day. This traffic situation occurs daily and is not accidental.
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Comparison of distance by Travel Mode Travel Time by trip_mode_name
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Continued analysis of the distribution of trip counts across modes and influencing travel choices.
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As travel time increases, the likelihood of people choosing to drive alone increases and

the likelihood of people carpooling decreases. We can conclude that carpooling does not
relieve traffic congestion caused by long distances. 6
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Relationship between Travel Time and Distance for CARSHARED

Relationship between Travel Time and Distance for DRIVEALONEFREE
R=093,p<22e-16

R=094,p<22e-16

Drivealonepay(toll road)

Relationship between Travel Time and Distance for DRIVEALONEPAY

Public transit

Relationship between Travel Time and Distance for PUBLICTRANSIT

Distance

i R=066,p<22e-16 R=081p=<22e-18

Distance = 0.64 x TravelTime — 8.24 Distance = 0.66 x TravelTime — 7.66

Distance = 0.23 x TravelTime + 1.6
Distance = 0.65 x TravelTime — 2.83

The four main modes of travel for ground transportation are shown
in relation to time and distance can be compared to UAM later.
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Top 25% Total Trips Significant LISA P-Values (< 0.05)
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Concluding Spatial clusters of high values of non-public |:> Local Indicators of Spatial Association (LISA) |:> Spatial autocorrelation
Remarks transportation trips @

The observed spatial patterns are unlikely to <::| P-value of Local Moran’s | <::I High values cluster together

be due to randomness
8
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